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Introduction

The U.S. Department of Education recently blueprinted educational technology
(USDOE, 2016). Technology should not only support teaching and learning but should
also help to innovate assessment relative to measuring both cognitive (i.e., knowledge
and skills) and noncognitive (e.g., affective) outcomes. Our premise in this chapter is
that well-designed games—educational and commercial—represent a promising vehi-
cle not only for promoting students’ interest and engagement in various fields but also
for supporting active learning and assessment of a range of important competencies.

Over the past couple of decades, a wide array of games have emerged to support the
development of various competencies, including visuospatial abilities and attention
(Green & Bavelier, 2007, 2012; Shute, Ventura, & Ke, 20135), cognitive-shifting skills
(Parong et al., 2017), persistence (Ventura, Shute, & Zhao, 2013), creativity (Jackson
etal., 2012; Kim & Shute, 2015a), civic engagement (Ferguson & Garza, 2011), and aca-
demic content and skills (Coller & Scott, 2009; DeRouin-Jessen, 2008; Dugdale, 1982;
Habgood & Ainsworth, 2011; for reviews, see Clark, Tanner-Smith, & Killingsworth,
2016; Tobias & Fletcher, 2011; Wilson et al., 2009; Young et al., 2012). Moreover, game
playing is popular across all gender, ethnic, and socioeconomic lines (Entertainment
Software Association, 2016). Core game features (e.g., authentic problem solving, adap-
tive challenges, and ongoing feedback) that are developed in line with various learning
theories can engage students affectively, behaviorally, cognitively, and sociocultur-
ally (Plass, Homer, & Kinzer, 2015). For example, leveraging constructivism (Piaget,
1973) and situated learning (Lave & Wenger, 1991) can create environments that foster
the positive experience of flow (Csikszentmihalyi, 1990) and cultivate mindsets that
promote effort-driven, challenge-centered competency development (e.g., Yeager &
Dweck, 2012).

Therefore, we focus on game-based assessment (GBA) as a type of assessment where
a well-designed digital game serves as the vehicle to measure the degree to which learn-
ers are acquiring targeted knowledge and/or skills and support learning processes and
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outcomes to fulfill educational objectives. But what is GBA? Some researchers opera-
tionalize GBA as external assessments (before and after gameplay) to find evidence of
learning as a function of playing a game (All, Castellar, & Van Looy, 2016; Clark et al.,
2016). Others operationalize it as information captured directly in the game to inform
learning (e.g., de Klerk, Veldkamp, & Eggen, 2015; Shute, Wang, Greiff, Zhao, & Moore,
2016). Mislevy et al. (2014) categorized three forms of GBA: (1) student products that
are external to the game (e.g., presentations and reports), with raters judging the qual-
ity of the products; (2) assessment items that are preprogrammed into games, which
may range from simple math problems to complex tasks; and (3) data streams gener-
ated throughout gameplay that are used as the basis to identify and score evidence
for assessment (e.g., stealth assessment). Stealth assessment refers to evidence-based
assessments that are woven directly into the game environment (Shute, 2011). During
gameplay, students produce rich sequences of actions while performing complex tasks,
drawing on the very competencies that we want to assess. Evidence needed to assess
the skills is thus provided by the players’ interactions with the game itself (i.e., the
processes of play, captured in the log files). Stealth assessment uses evidence-centered
design (Mislevy, Steinberg, & Almond, 2003) to create relevant conceptual and compu-
tational models that are seamlessly embedded into the game so that knowledge and/or
skills can be assessed without being noticed by students (Shute & Ventura, 2013). The
term stealth assessment and its technologies are not intended to convey any type of
deception but rather reflect the invisible capture of gameplay data, and the subsequent
formative use of the information to help learners (and, ideally, help learners to help
themselves).

In both formal (e.g., school classroom) and informal (e.g., afterschool programs)
settings, the games that we focus on in this chapter are interactive, digital games that
support learning and/or skill acquisition (Shute, 2011). According to Facer (2003), good
games are engaging. They promote full absorption within an activity by using age-
appropriate challenges and intrinsically motivating objectives. Assessment within such
games not only requires data collection and analysis but may also include meaningful
data interpretation, along with consequential actions taken based on the interpretation
to achieve learning objectives (Shute & Ventura, 2013).

Because this type of GBA is based on gameplay performance, students’ interactions
with games are recorded as interrelated data points, each of which provides specific
evidence for learning (DiCerbo, Shute, & Kim, 2017; Levy, 2014; Shute, Ventura, Bauer,
& Zapata-Rivera, 2009). Also, GBA provides ongoing assessment based on a continu-
ous stream of data rather than discrete data characterized by standardized tests. As
a result, with GBA, educators can monitor students’ learning progression over time
(Shute, Leighton, Jang, & Chu, 2016). Furthermore, because the assessment is embed-
ded deeply in games, students do not notice they are being assessed (Delacruz, Chung,
& Baker, 2010; Shute, 2011). Thus, GBA can be used to assess what cannot be easily
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measured via short, summative paper-and-pencil tests and can save time that would
normally be used to administer and score tests—so that more time may be devoted
to improving learning (Shute, Leighton, et al., 2016). Finally, GBA can be used forma-
tively not just to measure learning but also to support it (Delacruz et al., 2010; Shute,
Leighton, et al., 2016).

In the following section, we review the literature on game-based assessment and
then provide an example of GBA using the game Plants vs. Zombies 2 (Electronic Arts,
2013).

Literature Review

GBA, as defined in this chapter, has formative functionality (i.e., it is used for assessing
and supporting learning). The rise of such assessments is credited to advances in tech-
nologies, the learning sciences, and measurement methodologies (Leighton & Chu,
2016; Shute, Leighton, et al., 2016; Timmis, Broadfoot, Sutherland, & Oldfield, 2016).
In addition, because games are intended to be engaging, they provide rich and inter-
esting environments for students to experience and/or explore (Clarke-Midura & Dede,
2010; Gee, 2005), in contrast to typical assessments.

How can we accurately assess students’ evolving knowledge, skills, and other attri-
butes via gameplay? Assessing students’ interactions with a game requires the use of
a principled assessment design framework. There are several major frameworks from
which to choose (see Shute, Leighton, et al., 2016). In addition to establishing the infra-
structure of the assessment (e.g., competency, evidence, task, and assembly models),
designers and researchers need to ensure the psychometric quality of the assessment
relative to reliability, validity, and fairness (DiCerbo et al., 2017; Mislevy et al., 2014).

The most commonly used assessment design framework that is applicable to and
suitable for GBA is evidence-centered design (ECD) (Mislevy et al., 2003). In a nut-
shell, ECD frames how to design assessments that can elicit valid evidence to support
intended claims. It guides designers to specify targeted competencies, observables that
can reveal competencies, and tasks with which students interact. ECD is particularly
suitable for GBA design. First, data generated via gameplay are usually multivariate (de
Klerk et al., 2015; Levy, 2013). By establishing multivariate competencies in the com-
petency model (i.e., the unobservable or latent variables), researchers can determine
the associated behavioral evidence (i.e., the observable variables) and specify the task
features to elicit those behaviors, along with values assigned to those behaviors (Mis-
levy et al., 2003). To extract relevant data from gameplay, it is important to identify
relevant types of student-task interactions that provide explicit links between behav-
iors and competencies; decide on the granularity of the observables to be collected; and
choose the appropriate statistical model for accumulating and interpreting evidence
(Levy, 2013).
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Choosing the right statistical model relates to the second advantage of using ECD;
that is, drawing valid inferences of students’ competency states. The most frequently
used statistical model in the ECD framework is the Bayesian network (BN) (de Klerk
et al., 2015; Mislevy et al., 2014), where a BN is a probabilistic graphical model that
represents a set of random variables and their conditional dependencies via a directed
acyclic graph. BNs generate conditional probabilities of students’ competencies with
graphical representation of the statistical relationship(s) between the targeted com-
petency variables and associated indicators. Additionally, BNs update beliefs about
students’ competencies dynamically (Mislevy et al., 2014), so that ECD can produce
real-time data across time, enabling profiles of learning progression (Shute, 2011;
Shute, Leighton, et al., 2016).

Some examples of GBA for cognitive skills using an ECD framework include the
measurement of scientific inquiry skills (Baker, Clarke-Midura, & Ocumpaugh, 2016;
Clarke-Midura & Dede, 2010), systems thinking skills (Shute, Masduki, & Donmez,
2010), creativity (Kim & Shute, 2015a), and problem-solving skills (Shute, Wang, et al.,
2016). Additionally, GBA using ECD is well suited to assess content knowledge in vari-
ous domains, such as mathematics (Delacruz et al., 2010), urban planning (Rupp,
Gushta, Mislevy, & Shaffer, 2010), physics (Shute, Ventura, & Kim, 2013), and biol-
ogy (Conrad, Clarke-Midura, & Klopfer, 2014; Wang, 2008). It is worth noting that
Conrad, Clarke-Midura, and Klopfer (2014) developed a modified version of ECD (i.e.,
experiment-centered design, or XCD) in an online game, specifically for students to
conduct scientific experiments to answer questions and input answers, in either open-
ended or closed-ended contexts.

Leighton and Chu (2016) similarly envisioned a new design framework that inte-
grated ECD with the cognitive diagnostic assessment system (CDA) (Embretson, 1998)
to offset each other’s shortcomings. CDA is a framework that focuses on measuring
students’ cognitive abilities via items that have been designed to measure, based on
theories and models of cognition, specific knowledge structures and processing skills in
students to provide information about their cognitive strengths and areas for improve-
ment (Leighton & Chu, 2016). The authors discussed the similarities, differences, and
challenges of the two design frameworks. They concluded that the new combined
framework—in the hands of learning scientists and subject matter experts—could help
identify the most relevant information as evidence and establish a widely applicable,
socioemotional-cognitive assessment model.

In addition to existing assessment design frameworks, there are some homemade
frameworks that target a specific game type and/or domain. For instance, Nelson,
Erlandson, and Denham’s (2011) framework was designed for the genre of massively
multiplayer online virtual games. They identified three primary sources for data extrac-
tion: (1) players’ location and movement patterns in the game; (2) interactions with
various objects; and (3) the type, content, and purpose of communication activities.
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They illustrated how to utilize each data source using various virtual games as examples
regarding the kinds of behavioral data to look for and how to interpret the data. Also,
they stressed that game-player interactions normally involve at least two of the three
sources. Thus, tracking and analyzing data from different sources simultaneously and
continuously can enable timely feedback during gameplay as well as post hoc analyses.

Another framework for 3-D GBA has been used in the military. Koenig, Lee, Iseli,
and Wainess (2010) used a framework that includes ontology creation and Bayesian
networks. Ontology creation involves defining the domain in terms of its elements
and relationship(s) between and within elements. BNs are employed to model the rela-
tionships. Koenig et al. tested their framework within a firefighting game consisting
of 10 scenarios. After comparing the in-game estimates with human ratings for each
scenario, the researchers reported that the estimates derived from the BNs diverged
from expert ratings in several scenarios, but on average the agreement appeared to be
reasonable—at around 58%. They attributed the divergence to either the quality or
robustness of the BNs or to inconsistencies in human ratings over time. The next sec-
tion examines general properties of GBA (e.g., validity, learning support, and factors
influencing GBA quality).

Validity of Game-Based Assessment

As with the design and development of any assessment, it is necessary to validate GBA.
To accomplish this, some researchers have examined the correlation between in-game
measures and external measures, while others have converted existing summative tests
to GBA.

Correlation between in-game and external measures In a study using Physics Play-
ground to measure and support physics understanding, Shute et al. (2013) reported
significant correlations between the in-game measures related to learning physics (e.g.,
number of gold and silver trophies obtained, time on task) and external learning out-
come scores on a qualitative physics test, suggesting convergent validity. Similarly,
Delacruz et al. (2010) examined the validity of a puzzle game to teach and assess math.
They showed that the math pretest scores predicted game scores, which in turn pre-
dicted math posttest scores (controlling for pretest score). In another study examin-
ing the development of math abilities using GBA, Roberts, Chung, and Parks (2016)
designed a website containing a series of math games for children. The website employs
learning analytics to track indicators such as correctness of responses while children are
playing the games. Learning analytics are intended to gather, measure, analyze, and
report data generated by learners to understand and improve learning and associated
contexts (SOLAR, 1st International Conference on Learning Analytics and Knowledge,
2011, cited in Siemes, 2013). The in-game analytics significantly correlated with scores
from a standardized math test. Finally, using a game to teach middle school students
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evolution, researchers reported that certain in-game behaviors (i.e., number of times
and duration viewing relevant information, number of avatars used, and number of
rounds played) correlated with game scores (Cheng, Lin, & She, 2015). Moreover, game
scores and posttest scores were significantly correlated.

In addition to subject matter content, researchers have tested GBA validity in rela-
tion to other student skills and attributes. For instance, persistence was measured in
Physics Playground based on indicators, such as the average time spent on unsolved
problems and number of revisits to work on an unsolved problem (Ventura & Shute,
2013). The in-game measures, in turn, were significantly correlated with an external
measure of persistence (i.e., performance-based measure; see Ventura et al., 2013) as
well as with scores on a physics posttest. Along the same lines, DiCerbo (2014) modeled
persistence relative to two in-game indicators—total time on game quests and number
of quests completed. Confirmatory factor analysis showed a good model fit, where the
indicators explained a significant portion of the variance, with a reliability of .87. In
another study, Shute, Wang, Greiff, Zhao, and Moore (2016) embedded a stealth assess-
ment of problem-solving skills in the game Plants vs. Zombies 2. The in-game measures
of problem-solving skills significantly correlated with two external measures of prob-
lem solving, MicroDYN (Wiistenberg, Greiff, & Funke, 2012) and Raven'’s Progressive
Matrices (Raven, 1941).

In conclusion, validating GBA with external measures entails two prerequisites: (1)
careful selection of in-game indicators for targeted knowledge and/or skills and (2) use
of a well-established (i.e., valid and reliable) external measure of the same construct.

Mapping game-based assessment to summative, performance-based assessment An
alternative approach to establishing the validity of GBA involves mapping GBA to a sum-
mative, performance-based assessment. Two recent studies of this type were conducted,
both within a vocational education setting. In one study, the original performance-based
test required assessors to assume different roles (e.g., clients), to interact with students,
and then to judge their qualifications to be an information technology communication
manager (Hummel, Brinke, Nadolski, & Baartman, 2016). To ensure the content validity
of the GBA, the researchers employed the following four steps: (1) identify relevant per-
formance indicators that can be elicited by gameplay; (2) design game tasks; (3) develop
instructions for GBA users; and (4) evaluate whether the game tasks map to the perfor-
mance metrics that were the target of the original assessment. After implementing the
GBA and interviewing assessment experts, the researchers reported that GBA could fully
assess 20 out of 32 performance indicators and partly assess 5 more indicators, while the
rest of the indicators could be assessed face-to-face. The GBA’s main advantage is that it
avoids inconsistencies and biases that are frequently present in human ratings. More-
over, it saves time in assessment execution and documentation of results.

A second study developed an interactive virtual assessment that had been mapped
to real-life performance-based test scenarios (de Klerk, Eggen, and Veldkamp, 2016).
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The real-life test measured students’ abilities to inspect the working conditions and
procedures within a confined space and then respond properly to emergencies. As with
the previous example, the authors first defined performance indicators in the virtual
environment. Then, experts rated each indicator in terms of its difficulty and eviden-
tiary weight relative to associated knowledge and skills. Based on experts’ ratings, the
authors constructed two scoring models for assigning values to the indicators and then
transforming the scores to BNs. Finally, they compared the scores generated by the two
scoring models with those on a real-life performance-based test. The results indicated
that one model estimated students’ qualifications more accurately than the other.

Such mapping methods are relatively scarce. Further studies are needed to provide
evidence for their reliability and validity. One question to consider is whether the GBA
can be consistently and accurately mapped to the original performance-based assess-
ment. The other question is whether such a mapped GBA can eventually gain recogni-
tion and replace the original assessment to serve a high-stakes, summative purpose.
Currently, GBA typically serves a formative function, to support learning processes and
outcomes, described next.

Game-Based Assessment to Support Learning

Well-designed GBA can support some degree of learning without explicit instructional
support (see Shute et al., 2013). As mentioned earlier, middle school students played
Physics Playground for about three hours (across three days) and also completed pretests
and posttests on qualitative physics. The students’ in-game performance was assessed
via a range of indicators, such as number of solution attempts, time per level, and level
of trophy obtained. The results showed small but significant learning gains in physics
understanding, measured by pretests and posttests, and in-game measures were sig-
nificantly correlated with test scores. Moreover, both male and female students signifi-
cantly improved their physics knowledge as a result of gameplay. Although the males’
incoming knowledge was slightly higher than the females’, their posttest scores were
comparable. The researchers concluded that this GBA is fair to use for both male and
female students, and, in the future, feedback (e.g., explanations and visualizations) can
be integrated into the game to facilitate deep learning.

Game-based assessment also can be leveraged to provide various forms of feedback
to support learning. To illustrate, a GBA was designed using ECD to measure knowl-
edge related to geology and space science (see Reese, Tabachnick, & Kosko, 2015). The
GBA tallied learners’ progression toward the learning goals every ten seconds. The data
were stored in a database and thereby served as the basis for timely feedback. The
feedback (e.g., on-screen scaffolding messages and player dashboards) was integrated
directly into the game to facilitate goal achievement. For instance, current point tallies
were displayed at all times, and the scaffolding assumed various forms, such as text,
pictures, and animations. Scaffolding was presented when learners repeatedly made
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mistakes. Based on the data, the researchers calculated the rate of learning four topics
(i.e., mass, heat, radiation, and density) in two samples for generalizability. The results
showed that the two samples progressed at similar rates in learning mass, heat, and
radiation but differed relative to learning density. Generally, the learning rates for both
samples were significantly greater than zero, providing evidence that GBA can facilitate
learning.

Arnab et al. (2015) utilized learning analytics in a game to assess and support knowl-
edge of first aid techniques among college students. For the in-game measures, students
needed to select their answers (i.e., reactions to different scenarios) from several picto-
rial choices. Whatever choices the students made, correct or incorrect, the associated
consequences of the selected action would show up immediately as feedback. In addi-
tion, pretests and posttests were implemented to assess students’ knowledge gains. The
results showed that the in-game scores predicted posttest scores, and there were sig-
nificant learning gains. The researchers recommended future research to use in-game
measures to predict students’ performance and offer personalized support based on the
in-game estimates.

Other researchers have compared two versions of the same game (e.g., feedback
present vs. feedback absent) to test whether the GBA with embedded feedback is a
better design to improve learning compared with GBA without feedback. In one such
comparison study, Huang, Huang, and Wu (2014) designed two versions of a math
game where second-grade students answered math questions related to buying various
goods. One version provided timely feedback (i.e., hints or explicit feedback) when
errors occurred, while the other version did not. The results showed that the students
who played the game with diagnostic feedback produced significantly higher post-
test scores than those who did not receive feedback. The authors concluded that the
diagnostic feedback helped students learn from their errors by providing instructional
support according to the types of mistakes they made.

Tsai, Tsai, and Lin (2015) similarly investigated the effects of the GBA with imme-
diate elaborated feedback compared to the version with only verification feedback
on supporting middle school students’ acquisition of energy knowledge. The GBA
for energy knowledge assumed the form of a tic-tac-toe game where students needed
to answer questions. The GBA placed a tick mark when the answer was correct or a
cross when the answer was incorrect. In the elaborated feedback condition, immediate
explanations of answers to questions were provided on-screen for students’ reference,
in addition to the verification feedback (i.e., tick marks and crosses). The researchers
found that only the game with elaborated feedback significantly improved knowledge
acquisition from pretest to posttest, supporting other studies’ findings that GBA with
timely and explanatory feedback facilitates learning.

Examining the effects of three types of formative assessments on learning, Wang
(2008) conducted a study with fifth graders in a two-week biology course. Six classes
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were randomly assigned to one of the three conditions that used different types of
formative assessment to support learning. In addition, Wang administered a pretest
and posttest on biology knowledge and used different test items for summative and
formative assessments.

The first type of formative assessment was a paper-and-pencil test administered at
the end of each class, with correct answers given to students as feedback. The second
type of assessment was a web-based test, where students received immediate feedback
concerning the correct answer for each of their incorrect responses. The third type was
a GBA (i.e., an online multiple-choice quiz game), where students could press certain
buttons to receive a hint (e.g., to see others’ choices, such as “80% of test-takers chose
A as the correct answer”). However, use of the hint function was limited to prevent its
overuse. Using the pretest as a covariate, findings showed that the three types of forma-
tive assessments significantly influenced posttest scores. Post hoc analysis showed that
posttest scores in the GBA condition were significantly higher than in the two other
conditions. Wang contended that students were motivated by the gamelike quiz and
tended to actively refer to resources (e.g., learning materials or asking for clarifications
from teachers).

Game-Based Assessment to Model Factors Influencing Learning

In addition to its ability to support learning, GBA can also be used to identify partic-
ular factors and patterns that contribute to successful learning. For example, several
researchers have recently examined the behavioral patterns related to science learning
(Baker et al., 2016). They analyzed scientific inquiry behaviors among middle school
students via a virtual environment that provided various science-related scenarios for
students to solve. Focusing on students’ final answers as well as the procedures they
used to conduct scientific tests, the researchers used confirmatory factor analysis to
identify 29 behavioral patterns for successful learning that could be generalized across
scenarios. In short, students’ final correct answers were predicted by time spent on an
information page and the frequency of visits to it. The indicators related to successfully
identifying causal relationships included obtaining necessary items for conducting
experiments (e.g., water or blood samples), visiting the virtual science lab frequently,
and running relevant tests (e.g., blood or DNA tests).

Cognitive and noncognitive variables and their relationships to learning were exam-
ined and modeled in a study conducted by Shute et al. (2015). The researchers gathered
data from middle school students playing Physics Playground and additionally collected
data on students’ persistence, incoming physics knowledge, in-game performance
(e.g., time on levels, successful and unsuccessful solutions, trophies received), affective
states, and physics posttest scores. They used structural equation modeling to construct
various models to interpret the relationship between learning outcomes and the other
variables. The final model demonstrated that pretest scores were significantly related to

581-79544_ch01_1P.indd 499

6/20/19 5:56 PM



500 Valerie J. Shute and Chen Sun

engagement, in-game performance, and posttest scores. Also, engagement and frustra-
tion were two mediating variables between pretest and in-game performance, suggest-
ing the importance of creating adaptive tasks that exceed students’ current proficiency
level by just a little. Furthermore, in-game performance significantly influenced post-
test scores. The results of the relationships among the different variables pertaining to
learning provide implications for instructional support.

Factors Influencing the Quality of Game-Based Assessment

The quality of GBA depends on its underlying framework (e.g., ECD) and its psycho-
metric properties (e.g., reliability and validity), as mentioned at the beginning of this
review. To date, a few attempts have been made to explore the factors that affect GBA
quality. For instance, changing task variables can affect the psychometric quality of
GBA tasks (Almond, Kim, Velasquez, & Shute, 2014). Tasks possess particular features
that govern their presentation as well as the associated work product. These features can
affect how learners respond to a task and the evidentiary weight of the responses. For
example, consider a math test on addition and subtraction. The format of the test (e.g.,
multiple-choice or word problem) influences how much information you would get
from students’ responses (e.g., correctness of the choice selected or the whole problem-
solving process). In addition, the format may have some unexpected confounds—such
as reading ability serving as a potential confound in the solution of math word prob-
lems. There are many other variables to consider in designing assessment tasks and
before implementing them, such as how to design two different tasks that are of the
same difficulty and how to make sure about 50% of test takers can complete the task
correctly. Task variables help researchers and/or designers determine task variants, dif-
ficulty, and discrimination; thus, interactions between learners and GBA tasks can yield
valid evidence to measure targeted competencies.

Kim and Shute (2015b) examined how game design features (i.e., linearity vs. non-
linearity) affect the psychometric properties of the stealth assessment embedded in
Physics Playground. Linearity refers to unlocking game levels, whereas nonlinear games
offer learners control of the levels they choose to play. In this study, undergraduates
in both linear and nonlinear conditions were instructed to obtain as many points as
possible (and were also informed that they can score higher by earning gold trophies
for elegant or efficient solutions, which count as double the score of silver trophies).
To determine validity, the researchers tested the evidentiary weight of in-game indica-
tors on physics understanding in the two conditions. The evidentiary weight of silver
trophies significantly differed between linear and nonlinear conditions. Posttest scores
significantly correlated with silver trophies in the linear condition but with gold tro-
phies in the nonlinear condition. The change in validity might be because linearity did
not motivate learners to explore the most efficient solution (i.e., gain gold trophies) to
the various physics problems but instead just to unlock as many levels as possible by
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gaining silver trophies. Consequently, only students in the nonlinear condition who
aimed for optimal solutions significantly improved their physics learning. To test reli-
ability, the researchers used confirmatory factor analysis to construct the best-fitting
model for both conditions. The calculated reliability coefficients are .96 and .92 for the
linear and nonlinear conditions, respectively, and the two coefficients are comparable
to each other. Thus, reliability of the GBA was not affected by whether the game was
linear or nonlinear.

Finally, a recent white paper by Mislevy et al. (2014) describes the factors influenc-
ing the psychometric qualities of GBA designed with ECD. The researchers argued that
high-quality GBA can serve various purposes (i.e., formative, summative, and even
large-scale high stakes) as well as provide valuable information about learning for stu-
dents, teachers, and designers. They used a game called SimCityEDU, created by Glass
Lab and its partners, as a running example to show how to ensure the reliability and
validity of a GBA. The area of psychometrics concerns the observable evidence that can
be identified and extracted from a given work product (i.e., the log file data in this case)
to assess unobservable competencies. The most influential psychometric factors related
to GBA involve identifying relevant evidence and selecting measurement models to
trace and process the gaming/learning data. Researchers and designers should addi-
tionally consider how to interpret the evidence derived from particular gaming situa-
tions, design adaptive games to provide optimal learning experiences, and analyze data
related to collaborative activities. Mislevy et al. (2014) introduced a new framework for
this called evidence-centered game design (ECgD), which involved defining targeted
real-world competencies, aligning game-world competencies with the real-world ones,
integrating formative feedback systems into the games unobtrusively, and engaging in
iterative design processes to create engaging games with embedded assessment to sup-
port deep learning. In the next section, we illustrate the application of a specific type of
GBA—stealth assessment in Plants vs. Zombies 2, to measure students’ problem-solving
skills (Shute, Wang, et al., 2016).

Example of a Game-Based Assessment

Plants vs. Zombies 2 is a widely popular 2-D game that requires players to strategi-
cally guard their houses against zombie invasion. Players manipulate various plants
in the battlefield (i.e., the chessboard-like lawn in front of the house) to either attack
zombies directly or slow them down. When selecting and placing their plants, players
need to collect falling suns to earn energy points. Plants vs. Zombies 2 is an appropri-
ate vehicle in which to embed a stealth assessment measuring problem-solving skills.
Again, stealth assessment is defined as an evidence-based assessment woven directly
and invisibly into the fabric of the learning or gaming environment (Shute & Ventura,
2013) to measure and support learning. The models undergirding stealth assessment
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are created using ECD. The combination of ECD and stealth assessment makes it pos-
sible to build evidentiary arguments about students’ competency levels via three key
models—competency model, evidence model, and task model.

The competency model includes claims about competencies (i.e., unobservable vari-
ables) to be assessed. The evidence model specifies behavioral evidence (i.e., observable
variables) that can be collected and analyzed or scored to support the claims made in
the competency model. The evidence model also quantifies the observables by estab-
lishing scoring systems to align evidence with claims statistically. For instance, an
observable can be indicated as a ratio to represent various levels of a competency, such
as “poor” (0-0.25), “okay” (0.26-0.50), “good” (0.51-0.75), and “very good” (0.76-1).
Stealth assessment typically employs Bayesian networks (BNs) to establish statistical
relationships among the indicators and the competency variables. The task model
provides templates for the design of tasks that can elicit targeted evidence. Note that
when using an existing game with its existing levels, the task model specification isn’t
needed.

To design the stealth assessment in Plants vs. Zombies 2, Shute et al. (2016) first con-
structed a competency model of problem-solving skills based on an extensive literature
review. The overarching competency of problem-solving skill involves four facets: (1)
analyzing givens and constraints of the problem; (2) planning a solution pathway; (3)
using tools and resources effectively and efficiently; and (4) monitoring and evaluating
progress. Next, the researchers identified in-game indicators (i.e., the observables) asso-
ciated with each competency variable (i.e., the unobservables) and then assigned val-
ues to indicators to reflect the quality of students’ performance. For instance, consider
the problem-solving facet of “using tools and resources effectively and efficiently.” One
of the plants in the game is iceberg lettuce, and its function is defensive—to temporar-
ily freeze zombies. Another plant in the game is the snapdragon. Its function is offen-
sive, attacking zombies by breathing fire and burning them. If a player plants iceberg
lettuce within a snapdragon’s fire range, its freezing effects will be canceled by the fire.
Thus, one indicator (of many) related to using tools effectively is whether the student
planted an iceberg lettuce near a snapdragon (i.e., within a 3 x3 space; see figure 20.1).
This indicator was scored by calculating the ratio of iceberg lettuces planted near snap-
dragons divided by the total number of iceberg lettuces planted. In this case, the higher
the ratio, the lower the associated competency level would be. There are four equally
divided ratio intervals: very good (0-0.25), good (0.26-0.5), okay (0.51-0.75), and poor
(0.76-1).

After establishing the scoring system across all the indicators per facet, the research-
ers constructed BNs to represent the statistical relationships between indicators and
relevant competency variables for each game level. Individual BNs were constructed
for each level because each level varies in terms of its difficulty, discrimination, rel-
evant indicators, and competency variables. The prior probabilities of problem solving
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Figure 20.1
Using iceberg lettuce ineffectively in Plants vs. Zombies 2.

problem for each student is the same—that is, there is an equal likelihood of being high
(33.3%), medium (33.3%), and low (33.3%) (figure 20.2). Then, as data are generated
by students during gameplay, these probabilities quickly and repeatedly change. Ongo-
ing data (from the indicators) are input to the BNs, and the BNs process the data and
update the competency estimates. The estimates will approach a student’s true compe-
tency level with the influx of gameplay data because BNs dynamically adjust estimates
according to the student’s real-time performance.

Figure 20.3 shows an updated BN, where the player demonstrates poor iceberg let-
tuce use (shown in node 137). The updated result means there is about a 50% chance
that the problem-solving skill of this player is low.

In addition to ensuring the internal validity of the stealth assessment, the research-
ers carefully selected two external measures related to problem-solving skills (specifi-
cally in terms of rule identification and rule application) to test its external validity.
Raven’s progressive matrices (Raven, 1941) require students to infer rules from given
matrices to fill in one missing piece of information. MicroDYN (Wiistenberg et al.,
2012) requires that students recognize relationships among variables and then apply
these rules to achieve the desired results. The results from a study conducted with
about 50 middle school students playing the game and completing the two external
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Problem Solving Skills

high

medium 332 .l

low . AL
AnalyzeGivensConstraints Planning EvaluateProgress
high 323 pmm high 323 high 17
medium 35.3 pm i medium 353 . medium  36.7
low 323 low 323 low 317

112 137
verygood 415 3 verygood 359
good 30.1 good 333
ok 196 ok 214
poor 8.77 poor 9.44

Figure 20.2
BN example of prior probabilities (adapted from Wang, Shute, & Moore, 2015).

measures across three days showed that the stealth assessment estimates of problem-
solving skill from the game significantly correlated with the two external measures,
suggesting construct validity.

The example illustrates the validity of stealth assessment as GBA. The strength of
stealth assessment lies in the following: (a) the competency model is built on a con-
ceptual foundation (i.e., resulting from a comprehensive review of the construct in
question); (b) the evidence model establishes specific rubrics for scoring in-game per-
formances as well as statistical relationships between the evidence/indicators and what
is being assessed; (c) the assessment is seamlessly and directly embedded into the game,
resulting in the merger of learning and assessment; (d) learning can be supported by
providing timely feedback—at various times and grain sizes; and (e) it is able to con-
currently assess multidimensional competencies. Next, we discuss the theoretical and
practical implications and limitations of GBA.

Theoretical Implications
This chapter highlights the potential of GBA to measure and support learning simul-

taneously. Students’ learning can be monitored continuously, without disrupting
learning processes (DiCerbo et al., 2017; Shute, Leighton, et al., 2016). In addition to
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Problem Solving Skills
high 192
medium 311
low 497

AnalyzeGivensConstraints Planning ToolUse EvaluateProgress
high 229 T high 204 m 7 high 872k high 210m|
medium 340 medium 338 medium  29.9 jum medium 352

| low 431 ] low 457 low 614 low 438

12 137
verygood 320 very good 0
good 30.4 good 0
ok 247 ok 0
poor 13.0 poor 100
Figure 20.3

An updated BN after receiving evidence (adapted from Wang, Shute, & Moore, 2015).

content knowledge, GBA is well suited to assessing complex skills (e.g., problem solving
and creativity) that are normally difficult to assess with traditional measures (Clarke-
Midura & Dede, 2010; Timmis et al., 2016). GBA allows the assessment mechanism to
be built directly into the game, comprising an integrated design for games and assess-
ment. Researchers and/or designers can thereby ensure the alignment between learning
objectives and assessment tasks, enabling the capture of accurate estimates of students’
knowledge, abilities, and attributes from GBA (Ke & Shute, 2015; Plass et al., 2015).

Another way to obtain accurate estimates of competency states and learning is to
employ an appropriate statistical methodology to process GBA data. Currently, BNs are
popular because they can accommodate a wide range of models (from simple to com-
plex), generate real-time estimates accurately, and represent statistical relationships
graphically and conveniently (Kim, Almond, & Shute, 2016; Levy, 2016; Mislevy et al.,
2014). Researchers can extract copious amounts of GBA data from log files or databases.
One downside of log files, though, is readability—especially when they capture lots of
data that are both relevant and irrelevant to the research. One solution to this problem
is to modify log files such that they capture only specific evidence (see Shute & Wang,
2016). An alternative approach is to develop a generic log file structure that can be
applied to different games to handle data storage and extraction conveniently (see Hao,
Smith, Mislevy, von Davier, & Bauer, 2016).
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Practical Implications

An accurate and dynamic GBA can also enable timely scaffolding for learners (i.e., spe-
cific learning supports at the right time), thus providing an adaptivity feature in games
(Plass et al., 2015; Virk, Clark, & Sengupta, 2015). For example, based on learners’
current competency estimates from their performances, the game can adjust task dif-
ficulty to levels appropriate to the learners (Kanar & Bell, 2013; Sampayo-Vargas, Cope,
He, & Byrne, 2013). Moreover, based on valid inferences, timely and individualized
feedback can be presented to enhance learning (Cheng et al., 2015; Gobert, Sao Pedro,
Raziuddin, & Baker, 2013; Shute, Leighton, et al., 2016), especially to support strug-
gling learners (Baker et al., 2016). One thing to keep in mind when presenting various
forms of feedback to learners is the cognitive load imposed by various representations
and information-processing requirements (Adams & Clark, 2014; Lee, Plass, & Homer,
2006; Virk et al., 2015). Also, construct-irrelevant variables (e.g., prior gaming experi-
ence) should be controlled to reduce disruption to the gameplay experience (Dicerbo
et al., 2017).

Additionally, it is important to consider the accessibility of GBA data. Researchers
have argued that learners and teachers should have access to diagnostic data—for stu-
dents to monitor their learning progress and to help teachers figure out when and how
to intervene as warranted (Clarke-Midura & Dede, 2010; Shute, 2011; Timmis et al.,
2016). Ethical issues should also be taken into account (Pardo & Siemens, 2014; Shute,
Leighton, et al., 2016; Timmis et al., 2016), such as answers to the following questions:
How can the student data be protected? Who owns the data and for how long? How
can the data be used to best advantage? Lastly, to integrate teaching, learning, and
assessment, researchers advocate close collaboration during GBA design among game
designers, researchers, psychometricians, subject matter experts, and other stakehold-
ers (Leighton & Chu, 2016; Mislevy et al., 2014; Plass et al., 2015).

Limitations and Future Research

There are several limitations of GBA that will need to be addressed in future studies.
The first issue concerns what exactly GBA is. Theoretical papers are needed to clearly
define it and describe its various types and distinctive features. For example, the bound-
ary between GBA and simulation-based assessment is not clear. Is GBA a subcategory
of simulation-based assessment only with higher levels of interactivity (de Klerk et al.,
2016), or are the two overlapping (Levy, 2013)?

A second issue concerns the best statistical tools and analyses to be used to col-
lect and process GBA data. Processing massive and complex gameplay data is difficult,
especially when the data involve collaborations (Hao et al., 2016; Leighton & Chu,
2016; Nelson et al., 2011). Thus, figuring out how to effectively combine exploratory
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techniques (e.g., educational data mining) with approaches that are more conceptual
(e.g., ECD) will benefit GBA research. An additional issue concerns reusability and
cost-effectiveness (Moreno-Ger, Burgos, Martinez-Ortiz, Sierra, & Ferndndez-Manjon,
2008). Building a well-designed GBA is time consuming and usually domain-specific.
Thus, the applicability of one GBA to other games or disciplines remains an underre-
searched area (Baker et al., 2016; Wang et al., 2015). The last question involves fairness.
It is important that a GBA not favor any particular population (e.g., males vs. females,
gamers vs. nongamers) and benefit every student equally (Dicerbo et al., 2017; Kim &
Shute, 2015b; Timmis et al., 2016). However, studies on fairness of GBA are sparse.

One of the main affordances offered by well-designed games is that they are highly
engaging. Similarly, well-designed GBAs are engaging, in addition to being able to ren-
der valid and reliable inferences about students’ competencies during gameplay. The
vision is to design high-quality, dynamic GBAs that are engaging, adaptive to indi-
vidual needs, and can support learning (Shute, Ke, & Wang, 2017; Shute, Leighton
et al., 2016).

References

Adams, D. M., & Clark, D. B. (2014). Integrating self-explanation functionality into a complex
game environment: Keeping gaming in motion. Computers & Education, 73, 149-159.

All, A., Castellar, E. P. N., & Van Looy, J. (2016). Assessing the effectiveness of digital game-based
learning: Best practices. Computers & Education, 92-93, 90-103.

Almond, R. G., Kim, Y. J., Velasquez, G., & Shute, V. ]J. (2014). How task features impact evidence
from assessments embedded in simulations and games. Measurement, 12(1), 1-33.

Arnab, S., Imiruaye, O., Liarokapis, F., Tombs, G., Lameras, P., Serrano-Laguna, A., & Moreno-
Ger, P. (2015, April). Toward performance prediction using in-game measures. Paper presented at the
annual meeting of the American Educational Research Association. Retrieved from the AERA
Online Paper Repository.

Baker, R. S., Clarke-Midura, J., & Ocumpaugh, J. (2016). Towards general models of effective
science inquiry in virtual performance assessments. Journal of Computer Assisted Learning, 32,
267-280.

Cheng, M-T., Lin, Y-W., & She, H-C. (2015). Learning through playing virtual age: Exploring the
interactions among student concept learning, gaming performance, in-game behaviors, and the
use of in-game characters. Computers & Education, 86(1), 18-29.

Clark, D. B., Tanner-Smith, E. E., & Killingsworth, S. S. (2016). Digital games, design, and learn-
ing: A systematic review and meta-analysis. Review of Educational Research, 86(1), 79-122.

Clarke-Midura, J., & Dede, C. (2010). Assessment, technology, and change. Journal of Research on
Technology in Education, 42(3), 309-328.

581-79544_ch01_1P.indd 507

6/20/19 5:56 PM



508 Valerie J. Shute and Chen Sun

Coller, B. D., & Scott, M. J. (2009). Effectiveness of using a video game to teach a course in
mechanical engineering. Computers & Education, 53, 900-912.

Conrad, S., Clarke-Midura, J., & Klopfer, E. (2014). A framework for structuring learning assess-
ment in a massively multiplayer online educational game: Experiment centered design. Interna-
tional Journal of Game-Based Learning, 4(1), 37-59.

Csikszentmihalyi, M. (1990). Flow: The psychology of optimal experience. New York, NY: Harper and
Row.

de Klerk, S., Veldkamp, B. P., & Eggen, T. J. H. M. (2015). Psychometric analysis of the perfor-
mance data of simulation-based assessment: A systematic review and a Bayesian network exam-
ple. Computers & Education, 85, 23-34.

de Klerk, S., Veldkamp, B. P., & Eggen, T. J. H. M. (2016). A methodology for applying students’
interactive task performance scores from a multimedia-based performance assessment in Bayes-
ian network. Computers in Human Behavior, 60, 264-279.

Delacruz, G. C., Chung, G. K. W. K., & Baker, E. L. (2010). Validity evidence for games as assessment
environments (CRESST Report No. 773). Los Angeles, CA: National Center for Research on Evalua-
tion, Standards, and Student Testing (CRESST).

DeRouin-Jessen, R. (2008). Game on: The impact of game features in computer-based training (Unpub-
lished doctoral dissertation). University of Central Florida, Orlando.

DiCerbo, K. (2014). Game-based assessment of persistence. Educational Technology & Society, 17(1),
17-28.

DiCerbo, K., Shute, V. J., & Kim, Y. J. (2017). The future of assessment in technology rich
environments: Psychometric considerations. In J. M. Spector, B. Lockee, & M. Childress (Eds.),
Learning, design, and technology: An international compendium of theory, research, practice, and policy
(pp- 1-21). New York, NY: Springer.

Dugdale, S. (1982). Green globs: A microcomputer application for graphing of equations. The
Mathematics Teacher, 75, 208-214.

Electronic Arts. (2013). Retrieved from https://www.ea.com/games/plants-vs-zombies/plants-vs
-zombies-2

Embretson, S. E. (1998). A cognitive design system approach to generating valid tests: Application
to abstract reasoning. Psychological Methods, 3, 300-396.

Entertainment Software Association. (2016). Sales, demographic and usage data: Essential facts
about the computer and video game industry. Retrieved from http://www.theesa.com/wp-content
/uploads/2016/04/Essential-Facts-2016.pdf

Facer, K. (2003). Screenplay: Children and computing in the home. London, England: RoutledgeFalmer.

Ferguson, C. J., & Garza, A. (2011). Call of (civic) duty: Action games and civic behavior in a large
sample of youth. Computers in Human Behavior, 27, 770-775.

581-79544_ch01_1P.indd 508

6/20/19 5:56 PM


https://www.ea.com/games/plants-vs-zombies/plants-vs-zombies-2
https://www.ea.com/games/plants-vs-zombies/plants-vs-zombies-2
http://www.theesa.com/wp-content/uploads/2016/04/Essential-Facts-2016.pdf
http://www.theesa.com/wp-content/uploads/2016/04/Essential-Facts-2016.pdf

Games for Assessment 509

Gee, J. P. (2005). Learning by design: Good video games as learning machines. E-learning and
Digital Media, 2(1), 5-16.

Gobert, J. D., Sao Pedro, M., Raziuddin, J., & Baker, R. S. (2013). From log files to assessment
metrics: Measuring students’ science inquiry skills using educational data mining. Journal of the
Learning Sciences, 22, 521-563.

Green, C. S., & Bavelier, D. (2007). Action-video-game experience alters the spatial resolution of
vision. Psychological Science, 18(1), 88-94.

Green, C. S., & Bavelier, D. (2012). Learning, attentional control, and action video games. Current
Biology, 22(6), 197-206.

Habgood, M. J., & Ainsworth, S. E. (2011). Motivating children to learn effectively: Exploring the
value of intrinsic integration in educational games. Journal of the Learning Sciences, 20(2), 169-206.
doi:10.1080/10508406.2010.508029

Hao, J., Smith, L., Mislevy, R., von Davier, A., & Bauer, M. (2016). Taming log files from game/
simulation-based assessments: Data models and data analysis tools (Research Report No. ETS RR-16-
10). Princeton, NJ: Educational Testing Service. Retrieved from http://onlinelibrary.wiley.com
/do0i/10.1002/ets2.12096/epdf

Huang, Y-M., Huang, S-H., & Wu, T-T. (2014). Embedding diagnostic mechanisms in a digital
game for learning mathematics. Educational Technology Research and Development, 62, 187-207.

Hummel, H. G. K., Brinke, D. J., Nadolski, R. J., & Baartman, L. K. J. (2017). Content validity of
game-based assessment: Case study of a serious game for ICT managers in training. Technology,
Pedagogy and Education, 26(2) 225-240.

Jackson, L. A., Witt, E. A., Games, A. 1., Fitzgerald, H. E., von Eye, A., & Zhao, Y. (2012). Informa-
tion technology use and creativity: Findings from the children and technology project. Computers
in Human Behavior, 28, 370-376.

Kanar, A. M., & Bell, B. S. (2013). Guiding learners through technology-based instruction: The
effects of adaptive guidance design and individual differences on learning over time. Journal of
Educational Psychology, 105, 1067-1081.

Ke, F. & Shute, V. J. (2015). Design of game-based stealth assessment and learning support. In C.
Loh, Y. Sheng, & D. Ifenthaler (Eds.), Serious games analytics (pp. 301-318). New York, NY: Springer.

Kim, Y. J., Almond, R. G., & Shute, V. ]J. (2016). Applying evidence-centered design for the devel-
opment of game-based assessment in Physics Playground. International Journal of Testing, 16,
142-163.

Kim, Y. J., & Shute, V. J. (2015a). Opportunities and challenges in assessing and supporting cre-
ativity in video games. In G. Green & J. Kaufman (Eds.), Research frontiers in creativity (pp. 100—
121). San Diego, CA: Academic Press.

Kim, Y. J., & Shute, V. J. (2015b). The interplay of game elements with psychometric qualities,
learning, and enjoyment in game-based assessment. Computers & Education, 87, 340-356.

581-79544_ch01_1P.indd 509

6/20/19 5:56 PM


http://onlinelibrary.wiley.com/doi/10.1002/ets2.12096/epdf
http://onlinelibrary.wiley.com/doi/10.1002/ets2.12096/epdf

510 Valerie J. Shute and Chen Sun

Koenig, A. D., Lee, J. J., Iseli, M., & Wainess, R. (2010). A conceptual framework for assessing perfor-
mance in games and simulations (CRESST Report No. 771). Los Angeles, CA: National Center for
Research on Evaluation, Standards, and Student Testing (CRESST).

Lave, J., & Wenger, E. (1991). Situated learning: Legitimate peripheral participation. New York, NY:
Cambridge University Press.

Lee, H., Plass, J. L., & Homer, B. D. (2006). Optimizing cognitive load for learning from computer-
based science simulations. Journal of Educational Psychology, 98, 902-913.

Leighton, J. P., & Chu, M-W. (2016). First among equals: Hybridization of cognitive diag-
nostic assessment and evidence-centered game design. International Journal of Testing, 16,
164-180.

Levy, R. (2013). Psychometric and evidentiary advances, opportunities, and challenges for
simulation-based assessment. Educational Assessment, 18, 182-207.

Levy, R. (2014). Dynamic Bayesian network modeling of game based diagnostic assessment (CRESST
Report No. 837). Los Angeles, CA: National Center for Research on Evaluation, Standards, and
Student Testing (CRESST).

Levy, R. (2016). Advances in Bayesian modeling in educational research. Educational Psychologist,
51(3-4), 368-380. doi:10.1080/00461520.2016.1207540

Mislevy, R. J., Orange, A., Bauer, M. 1., von Davier, A., Hao, J., Corrigan, S., ... John, M. (2014).
Psychometric considerations in game-based assessment [White paper]. Retrieved from https://www
.ets.org/research/policy_research_reports/publications/white_paper/2014/jrrx

Mislevy, R. J., Steinberg, L. S., & Almond, R. G. (2003). On the structure of educational assess-
ments. Measurement: Interdisciplinary Research and Perspectives, 1(1), 3—-62.

Moreno-Ger, P., Burgos, D., Martinez-Ortiz, 1., Sierra, J. L., & Ferndndez-Manjén, B. (2008).
Educational game design for online education. Computers in Human Behavior, 24, 2530-2540.
doi:10.1016/j.chb.2008.03.012

Nelson, B. C., Erlandson, B., & Denham, A. (2011). Global channels of evidence for learning
and assessment in complex game environments. British Journal of Educational Technology, 42(1),
88-100.

Pardo, A., & Siemens, G. (2014). Ethical and privacy principles for learning analytics. British Jour-
nal of Educational Technology, 45(3), 438-450.

Parong, J., Mayer, R. E., Fiorella, L., MacNamara, A., Homer, B. D., & Plass, J. L. (2017). Learning
executive function skills by playing focused video games. Contemporary Educational Psychology, 51,
141-151. doi:10.1016/j.cedpsych.2017.07.002

Piaget, J. (1973). To understand is to invent: The future of education. New York, NY: Grossman.

Plass, J. L., Homer, B. D., & Kinzer, C. K. (2015). Foundations of game-based learning. Educational
Psychologist, 50(4), 258-283.

581-79544_ch01_1P.indd 510

6/20/19 5:56 PM


https://www.ets.org/research/policy_research_reports/publications/white_paper/2014/jrrx
https://www.ets.org/research/policy_research_reports/publications/white_paper/2014/jrrx

Games for Assessment 511

Raven, ]J. C. (1941). Standardization of progressive matrices, 1938. British Journal of Medical Psy-
chology, 19(1), 137-150.

Reese, D. D., Tabachnick, B. G., & Kosko, R. E. (2015). Video game learning dynamics: Action-
able measures of multidimensional learning trajectories. British Journal of Educational Technology,
46(1), 98-122.

Roberts, J. D., Chung, G. K. W. K., & Parks, C. B. (2016). Supporting children’s progress through
the PBS KIDS learning analytics platform. Journal of Children and Media, 10, 257-266.

Rupp, A. A., Gushta, M., Mislevy, R. J., & Shaffer, D. W. (2010). Evidence-centered design of epis-
temic games: Measurement principles for complex learning environments. Journal of Technology,
Learning, and Assessment, 8(4), 1-47.

Sampayo-Vargas, S., Cope, C. J., He, Z., & Byrne, G. J. (2013). The effectiveness of adaptive dif-
ficulty adjustments on students’ motivation and learning in an educational computer game.
Computers & Education, 69, 452-462.

Shute, V. ]J. (2011). Stealth assessment in computer-based games to support learning. In S. Tobias
& J. D. Fletcher (Eds.), Computer games and instruction (pp. 503-524).. Charlotte, NC: Information
Age Publishers

Shute, V. J., D’'Mello, S. K., Baker, R., Cho, K., Bosch, N., Ocumpaugh, J., ... Almeda, V. (2015).
Modeling how incoming knowledge, persistence, affective states, and in-game progress influence
student learning from an educational game. Computers & Education, 86, 224-235.

Shute, V. ], Ke, F., & Wang, L. (2017). Assessment and adaptation in games. In P. Wouters & H.
van Oostendorp (Eds.), Instructional techniques to facilitate learning and motivation of serious games
(pp- 59-78). New York, NY: Springer.

Shute, V. J., Leighton, J. P., Jang, E. E., & Chu, M-W. (2016). Advances in the science of assess-
ment. Educational Assessment, 21(1), 1-27.

Shute, V. J., Masduki, 1., & Donmez, O. (2010). Conceptual framework for modeling, assessing
and supporting competencies within game environments. Technology, Instruction, Cognition, and
Learning, 8, 137-161.

Shute, V. J., & Ventura, M. (2013). Measuring and supporting learning in games: Stealth assessment.
Cambridge, MA: MIT Press.

Shute, V. J., Ventura, M., Bauer, M. L., & Zapata-Rivera, D. (2009). Melding the power of serious
games and embedded assessment to monitor and foster learning: Flow and grow. In U. Ritterfeld,
M. Cody, & P. Vorderer (Eds.), Serious games: Mechanisms and effects (pp. 295-321). Mahwah, NJ:
Routledge, Taylor & Francis.

Shute, V. J., Ventura, M., & Ke, F. (2015). The power of play: The effects of Portal 2 and Lumosity
on cognitive and noncognitive skills. Computers & Education, 80, 58-67.

Shute, V. J., Ventura, M., & Kim, Y. J. (2013). Assessment and learning of qualitative physics in
Newton’s Playground. Journal of Educational Research, 106(6), 423-430.

581-79544_ch01_1P.indd 511

6/20/19 5:56 PM



512 Valerie J. Shute and Chen Sun

Shute, V. J., & Wang, L. (2016). Assessing and supporting hard-to-measure constructs. In A. A.
Rupp & J. P. Leighton (Eds.), The handbook of cognition and assessment: Frameworks, methodologies,
and application (pp. 535-562). Hoboken, NJ: Wiley.

Shute, V. J., Wang, L., Greiff, S., Zhao, W., & Moore, G. (2016). Measuring problem solving skills
via stealth assessment in an engaging video game. Computers in Human Behavior, 63, 106-117.

Siemes, G. (2013). Learning analytics: The emergence of a discipline. American Behavioral Scientist,
57, 1380-1400.

Timmis, S., Broadfoot, P., Sutherland, R., & Oldfield, A. (2016). Rethinking assessment in a digital
age: Opportunities, challenges and risks. British Educational Research Journal, 42, 454-476.

Tobias, S., & Fletcher, J. D. (Eds.). (2011). Computer games and instruction. Charlotte, NC: Informa-
tion Age Publishers.

Tsai, F-H., Tsai, C-C., & Lin, K-Y. (2015). The evaluation of different gaming modes and feedback
types on game-based formative assessment in an online learning environment. Computers & Edu-
cation, 81, 259-269.

U.S. Department of Education (USDOE). (2016). Future ready learning: Reimagining the role of
technology in education. Retrieved from http://tech.ed.gov/files/2015/12/NETP16.pdf

Ventura, M., & Shute, V. (2013). The validity of a game-based assessment of persistence. Comput-
ers in Human Behavior, 29, 2568-2572.

Ventura, M., Shute, V., & Zhao, W. (2013). The relationship between video game use and a
performance-based measure of persistence. Computers & Education, 60, 52-58.

Virk, S., Clark, D., & Sengupta, P. (2015). Digital games as multirepresentational environments
for science learning: Implications for theory, research, and design. Educational Psychologist, 50,
284-312. doi:10.1080/00461520.2015.1128331

Wang, L., Shute, V., & Moore, G. (2015). Lessons learned and best practices of stealth assess-
ments. International Journal of Gaming and Computer Mediated Simulations, 74(4), 66-87.

Wang, T.-H. (2008). Web-based quiz-game-like formative assessment: Development and evalua-
tion. Computers & Education, 51, 1247-1263.

Wilson, K. A., Bedwell, W., Lazzara, E. H., Salas, E., Burke, C. S., Estock, ... Conkey, C. (2009).
Relationships between game attributes and learning outcomes: Review and research proposals.
Simulation & Gaming, 40, 217-266.

Wiistenberg, S., Greiff, S., & Funke, J. (2012). Complex problem solving—more than reasoning?
Intelligence, 40, 1-14.

Yeager, D. S., & Dweck, C. S. (2012). Mindsets that promote resilience: When students believe
that personal characteristics can be developed. Educational Psychologist, 47, 302-314.

Young, M. F., Slota, S., Cutter, A. B, Jalette, G., Mullin, G., Lai, B., ... Yukhymenko, M. (2012).
Our princess is in another castle: A review of trends in serious gaming for education. Review of
Educational Research, 82(1), 61-89.

581-79544_ch01_1P.indd 512

6/20/19 5:56 PM


http://tech.ed.gov/files/2015/12/NETP16.pdf

